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Recent Invited Talks
“A Statistical View on Implicit Regularization: GD Dominates Ridge”

Columbia, Machine Learning & AI Seminar (host: Daniel Hsu) October 2025
NYU, Math & Data Seminar (host: Matus Telgarsky) October 2025
Yale, Statistics & Data Science Seminar (hosts: Theodor Misiakiewicz and Omar Montasser) September 2025

“Reimagining Gradient Descent: Large Stepsize, Oscillation, and Acceleration”
Harvard, Talk at Kempner Institute (host: Sham Kakade) October 2025
MIT, Talk at Laboratory for Information and Decision Systems (host: Pablo Parrilo) September 2025
JHU, CS Theory Seminar (host: Vladimir Braverman) September 2025
UPenn, Group Meeting (host: Jason Altschuler) September 2025
MPI & UCLA, Math Machine Learning Seminar (host: Guido Montufar) June 2025
SIAM DS25, Dynamical Systems for Machine Learning (host: Molei Tao) May 2025
UCLA, Level Set Meeting (hosts: Shu Liu and Stanley Osher) January 2025
Simons Foundation, MoDL Annual Meeting (hosts: Peter Bartlett and Rene Vidal) September 2024
UC San Diego, MoDL Collaboration Meeting (host: Mikhail Belkin et al.) May 2024
UCLA, Computer Science Seminar (host: Quanquan Gu) March 2024
UC Berkeley, Biostatistics Seminar (host: Lexin Li) February 2024

“A Statistical View on Implicit Regularization: GD for Logistic Regression”
ICTP, 6th Youth in High-Dimensions Conference (hosts: Marco Mondelli et al.) July 2025
UC Berkeley, Deep Learning Theory Workshop (hosts: Peter Bartlett et al.) February 2025

Professional Services
Organizer

Deep Learning Theory Workshop, Simons Institute, UC Berkeley February 2025

Conference Reviewer



International Conference on Machine Learning (ICML) 2020 - 2025
Conference on Neural Information Processing Systems (NeurIPS) 2020 - 2025
International Conference on Learning Representations (ICLR) 2021 - 2026
ACM-SIAM Symposium on Discrete Algorithms (SODA), subreviewer 2026
International Conference on Artificial Intelligence and Statistics (AISTATS) 2021 - 2023
Conference on Uncertainty in Artificial Intelligence (UAI) 2023
AAAI Conference on Artificial Intelligence (AAAI), PC member reviewer 2021 - 2023

Journal Reviewer
Journal of Machine Learning Research (JMLR)
IEEE Transactions on Pattern Analysis and Machine Intelligence (TPAMI)
IEEE Transactions on Information Theory
Information and Inference
Transactions on Machine Learning Research (TMLR)
SIAM Journal on Mathematics of Data Science (SIMODS)
Applied Probability Journals
Journal of Artificial Intelligence Research (JAIR)

Teaching

NeurIPS 2025 Tutorial, Leading Speaker December 2025
Tutorial: “Theoretical Insights on Training Instability in Deep Learning”

Johns Hopkins University, Teaching Assistant Spring 2023
Course: “Machine Learning: Deep Learning”

Honors

Rising Stars in Data Science 2023
University of Chicago & UC San Diego

MINDS Data Science Fellowship Summer 2021
Johns Hopkins University

Best Reviewers (Top 10%) 2021
ICML 2021
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